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Kermany DS, Goldbaum M, Cai W, et.al. Identifying Medical Diagnoses and Treatable Diseases by Image-Based Deep Learning. Cell, 2018, 172(5):1122-1131
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Kermany DS, Goldbaum M, Cai W, et.al. Identifying Medical Diagnoses and Treatable Diseases by Image-Based Deep Learning. Cell, 2018, 172(5):1122-1131
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Esteva A, Kuprel B, Novoa R A, et. Al. Dermatologist-level classification of skin cancer with deep neural networks. Nature. 2017, 542(7639):115-118
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Esteva A, Kuprel B, Novoa R A, et. Al. Dermatologist-level classification of skin cancer with deep neural networks. Nature. 2017, 542(7639):115-118
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Ding J, Li A, Hu Z, et. al. Accuracy Pulmonary Nodule Detection in Computed Tomography Image Using Deep Convolutional Neural Network. 2017.
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Li Y, Ping W. Cancer Metastasis Detection with Neural Conditional Random Field. 2018
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Rui Yan, et. al. A Hybird Convolutional and Recurrent Deep Neural Network for Breast Cancer Pathological Image Classification. 2018
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' [ Convolutional kemnel |

SSD: 3*3 cony TextBoxes: 1*5 cony
Liao M, Shi B, Bai X, et al. TextBoxes: A Fast Text Detector with a Single Deep Neural Network. AAAI 2017.
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Baoguang Shi, Xiang Bai, Cong Yao. An End-to-End Trainable Neural Network for Image-Based Sequence Recognition
and Its Application to Scene Text Recognition. IEEE TPAMI 2017:2298-2304
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